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Clinical Vignettes
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Joe S.

• 69 y/o man with COPD & h/o acute 
exacerbations

• Tend to occur annually with seasonal 
triggers

• Also has DM, HTN which are relatively 
well-controlled

• Doesn’t always get annual influenza 
vaccine & sometimes forgets to fill his 
meds
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Joe S.
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Joe had a COPD 

 

exacerbation last 
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Most case managers already know about 
patients like Joe… 

What about the nonobvious cases?
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Linda R.

• 76 y/o woman with h/o of well- 
controlled HTN

• F  amily h/o CVD
• Recently seen for palpitations, but 

otherwise asymptomatic
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Linda R.
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Although Linda’s 
palpitations are 

 

asymptomatic

 

Although Linda’s 
palpitations are 
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Our model predicts that her 

 

palpitations may be indicative of a 

 

more severe cardiac dysrhythmia, 

 

like atrial

 

fibrillation
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And the likelihood 

 

of a stroke is high



How to apply 
Machine Learning
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Dealing with healthcare data
• Member data can be found in multiple 

sources e.g. claims, electronic health 
records, lab results, etc.

• Each source of information has its own 
(dis)advantages

• Members have different amounts of data
• Some members may have switched health 

plans
• Some members may be sicker than others

• Service utilization can be quite different 
across regions and plan types

• HMO vs. PPO
• Medicare Plans vs. Commercial Plans
• California vs. Texas
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Rule- 
based 
model

Or 

Simple 
Machine 
Learning

Data 
Normalization

Statistical
Modeling

Current State-of-the-Art

Causes 
information loss Only identifies obvious cases or

provides cryptic results

Expert curated – time consuming 
& expensive to develop
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Accordion Health Approach

Member-level
time-series models

Group-level 
machine learning 

models

Population-level
models

• We ensemble all these millions 
of multi-aspect models to 

• Identify members who have 
missing conditions 

• Predict members’ responses 
to outreach efforts 

• Predict members’ utilization 
for the next 3, 6, 12 months 

• And more…
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Recommender Systems
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Thank You!
Stephanie Kreml, MD
stephanie@accordionhealth.com
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